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Analysis of Fashion-MNIST benchmark suitability

Masanori Kondo

Abstract

In the research of neural networks, one data set has played the benchmark role for 20
years, and it is currently used worldwide for such research. In recent years, a second data
set has been published with the aim to create a second benchmark and contribute to
artificial intelligence. However, the differences between the two data sets and difficulty in

learning have not been established.

In this paper, we examine the differences between the two data sets and explore the

possibilities of constructing a third data set in the future.
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“Fashion-MNIST is intended to serve as a direct

drop-in replacement of the original MNIST dataset

for benchmarking machine learning algorithms.”
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2 4 2 1012 1 2 0 1 4 6 0
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D) 4 1 1 3 1 962 0 2 1 1 10
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g 6 4 3 1 1 2 4 943 0 0 0
7 1 2 6 2 0 0 0 1008 4
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